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Software defect prediction model integrating weighted code smell intensity
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Abstract: The existing code smell intensity detection methods fail to consider the impact of measurement on code smell. Based on
the existing code smell intensity detection methods, the impact of measurement on code smells was analyzed, and the code smell
intensity detection method was improved. The characteristic importance of metrics affecting code smell was calculated using ran-
dom forest. The evaluation value of each measurement was used as the weight of each measurement to detect the value of weigh-
ted code smell intensity. It is found that there is a lack of correlation between the measures used for detections, which is in line
with the idea of measuring code smell from different angles. When the weighted code smell intensity is used as the predictor of
the defect model, the F-measure value of the defect prediction model can be increased by about 2%.
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